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Abstract. It is an important direction for the digital and intelligent development of traditional Chinese medicine diagnosis and

treatment. Fully exploring and utilizing prior knowledge of traditional Chinese medicine, establishing knowledge — based intelli-

gent diagnosis and treatment methods and models of traditional Chinese medicine,is of great significance for the modernization of

traditional Chinese medicine. On the basis of sorting and analyzing the intelligent diagnosis and treatment problems of traditional

Chinese medicine represented by knowledge engineering, this paper proposed to construct a knowledge driven research approach

and method for intelligent diagnosis and treatment of traditional Chinese medicine based on multimodal data, which covered

knowledge extraction,knowledge organization and auxiliary diagnosis and treatment. The aim was to provide references for the

digitalization and intelligence research of diagnosis and treatment in traditional Chinese medicine.
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